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Abstract

1. Introduction



2. Definition cost function based on Bayes error

B G LA # 5
aix) € ° (C o v
x™ . ) . 611()6) qz(x) ]
8) 9 ( L] - . # > + - ;> 8+9’)
e=| [Pp8xy P p 8x9]dszjL p 8x9dx + P IL p 8x9dx 8 9
xn Pi()é):( p(x/v;,) .{i:“liZ} " P=P(w,) .. (( .
i
T (A # B B ( " " . - B B2

Ly Pipi(x)>Popy(x) " % "r(x)=Pp:x)/p(x) S * "r(x)=Ppi(x)/p(x)
( Pipi(x)<Ppy(x)

C** ¢  Y={(x'y). . .&"Y) # # "o
x' (Y=L o A(kxm) $ -
( x # V= AR k2 "
Vv 2 m<k & # ( D 8);:"
)) ; : R D
D=Yy" '{s- a”A+[— LnBP p 8v'9"~Ln8P p svfgg]} § 9
oo " ( ( ( ( i #
" ( " ( # s>0 8E 6F 9 #
¥ y # " c "89 * + #-Ln()"
G " min[Plpl(x),P2p2(x)] 8 9 * #
# . " - + £8 9

3. Definition cost function based on Chernoff distance
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4. Cost function maximitation
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5. Experiments and results
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Method Pathology NP PS
Method Scores MFE NS 74.07% | 25.93%
MFE 86.10% MFE PS 12.83% | 87.17%
A/g;%c g;'g?;ﬁ MFCC NS 77.78% | 22.22%
CFC 95'77% MFCC PS 15.79% | 84.21%
3D ;. m : BFC NS 62.96% | 37.04%
BFC PS 3.95% | 96.05%
CFC NS 77.78% | 22.22%
CFC PS 2.63% | 97.37%
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